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Forecasting and Control of Company’s Financial Risk via L1-penalty Logit Model

Xu Qifa"?, Zhang Kexin', Jiang Cuixia'
1. School of Management, Hefei University of Technology, Hefei 230009, China;

2. Key Laboratory of Process Optimization and Intelligent Decision- making ,

Ministry of Education, Hefei 230009, China

Abstract: We applied the L1-penalty Logit model to the company’s financial risk analysis. The advantages of the
model lied in two aspects. First, the model was able to judge the company’s financial risk status by bankruptey
probability prediction in the binary Logit analysis. Second, the model enabled us to identify the key factors that
affect the company’s financial risk through variable selection in L1-penalty term, which was helpful for risk control.
The Monte Carlo simulations showed that the L1-penalty Logit model could obtain higher accuracy of prediction than
the classical support vector machine (SVM) with less explanatory variables or simpler model structure. In addition,
we conducted an empirical analysis on financial data of the ST and non-ST companies in Chinese stock market from
2005 to 2014. The empirical findings also showed that the prediction accuracy of L1 -penalty Logit model was higher
compared to the SVM through confusion matrix and ROC curve. Moreover, those key factors selected by the L1-
penalty Logit model provided a basis for controlling company’s financial risk.

Key words: Financial Risk; L1-penalty Logit Model; Variable Selection; Classification Effect Evaluation



	content96 1.pdf
	content96 2.pdf
	content96 3.pdf
	content96 4.pdf
	content96 5.pdf
	content96 6.pdf
	content96 7.pdf
	content96 8.pdf
	content96 9.pdf
	content96 10.pdf
	content96 11.pdf
	content96 12.pdf

