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1. Manager sentiment and stock returns

Fuwei Jiang, Joshua Lee, Xiumin Martin, Guofu Zhou




background

Baker and Wurgler (2006) propose an investor sentiment index that has been widely
used to explain asset prices. However, there is little research on corporate managers’
sentiment. corporate managers are not immune from behavioral biases. so, they can be
overly optimistic or pessimistic relative to fundamentals, leading to irrational market
outcomes.

In this paper, we investigate the manager sentiment—asset pricing, focusing on its
predictability for future U.S. stock market returns.




method

construct a manager sentiment index based on the aggregated textual tone in firm
financial statements and conference calls (HL 52 ORI 2 &) SE4% A1 1 P38 AR TESRD .
Using the standard dictionary method and the Loughran and McDonald (2011) financial
and accounting dictionaries, we measure textual tone as the difference between the
number of positive and negative words in the disclosure scaled by the total word count
of the disclosure.

However, our study has two major differences from these existing studies.

First, while these studies focus on firm-level measures for predicting, we provide an
aggregate indexZi & 8 bxto gauge the overall manager sentiment in the market.
Second, while other studies use firm disclosures at the quarterly or annual frequency,
we compute a monthly index from both voluntary and mandatory firm disclosures filed
within each month.




process

1.regressing excess market returns on the lagged manager sentiment index.——The
manager sentiment index yields a large in-sample R2of 9.75%, and a one-standard
deviation increase in manager sentiment is associated with a —1.26% decrease in the
expected excess market return for the next month. In addition, the predictive power of
manager sentiment continues to be robust out-of-sample

2. compare the return predictability of manager sentiment to various macroeconomic
predictors. Specifically, we consider a set of 14 well-known macroeconomic variables :
short-term interest rate . earnings-price ratio. book-to-market ratio.——manager
sentiment is greater than that of these other macroeconomic predictors.

3.examine the relationship between manager sentiment and subsequent aggregate

earnings surprises.——manager sentiment negatively predicts subsequent aggregate
earnings surprises in the next year.




4. examine the relationship between manager sentiment and future aggregate
investment growth.——high manager sentiment —high aggregate investment growth in
the short run up to three quarters, but low subsequent aggregate investment growth in
the long run up to two years.

5. compare the manager sentiment index with existing measures of investor sentiment:
the Baker and Wurgler (2006) investor sentiment index; the Huang et al. (2015) aligned
investor sentiment index; ——find that the manager sentiment index correlates positively
with all these existing investor sentiment measures. The largest correlation is with the
Baker and Wurgler (2006) investor sentiment index at about 0.5. The other correlations
are smaller, ranging from 0.1 to 0.2.

6. Examine whether that manager sentiment is significantly different from existing
investor sentiment and it contains unique and incremental information

First, we show that the forecasting power of manager sentiment remains significant after
controlling for these existing investor sentiment measures. Second, the predictive power
of manager sentiment is stronger than existing investor sentiment measures.



Conclusion

manager sentiment is a strong negative predictor of future aggregate stock market
returns, which is far greater than the predictive power of other previously studied
macroeconomic variables;

lts predictive power is informationally complementary to existing measures of investor
sentiment;

Higher manager sentiment precedes lower aggregate earnings surprises and greater
investment growth;

manager sentiment negatively predicts cross-sectional stock returns, particularly for
firms that are difficult to value and costly to arbitrage.




2.\What a difference a birth month makes: The relative age effect and fund
manager performance 4 H i feir R 2 KZE . MRS RN 5 3 2 3 57

John (Jiangiu) Bai, Linlin Ma, Kevin A. Mullally, David H. Solomon




background

In understanding the drivers of firm outcomes, recent academic attention has turned
toward the individual characteristics of firm managers. A trait is overconfidence.
Overconfidence has been shown to have both “bright” and “dark” sides.

We study how month of birth affect the confidence and performance of mutual fund
managers.

Most education systems have a single cutoff date for school eligibility. Because relatively
older children are likely to be physically bigger and more cognitively developed, it is
unsurprising that they display better performance on tasks at a young age.




method

Data and sample selection:

Morningstar Direct Mutual Fund database /& & H#Z L[R2 424 % :  fund names,
manager names, returns, expense ratios, turnover ratios.

LexisNexis Public Records (LNPR) databasef# 5 B A L&z E: 6222 managers,
the birth month, year, and their social security numbers.

WL & . Carhart (1997) four-factorit- &8 5 345 H MBS a8, FEXT T4
JEPIIM, RIS SO A B 2 B A &2 . Performance ; ¢ is the fund’s annual
Four-factor alpha.

Per formance;, = a + B(RelAge;_1) + y'(FundChars;,_,)
+ @' (MgrChars;;_,) + &i;, (2)
Our main variable of interest is a manager’s RelAge x4 2 .
Cutof fMonth — BirthMonth,
BirthMonth < Cutof fMonth

12 — (BirthMonth — Cutof fMonth),
BirthMonth = Cutof fMonth

RelativeAge =




older managers (i.e., those born just after the cutoff) make better stock selections, and
their funds outperform their younger peers’ funds by 0.48% per annum.

Alternative causes of return differences:

B2 HAFNKTMESE TS RGNS LGRS W 7TiE B IR ETE
AL AECH ZOH HFEA (HibrE e LB A BRI B A HITD




3.Industry familiarity and trading: Evidence from the personal portfolios of
industry insiders

ltzhak Ben-Davida, Justin Birru, Andrea Rossi




background

Although most analyses find that individuals lose on average from trading, a few studies
show that some individuals consistently outperform the benchmarks. One potential
source is familiarity with the stocks and industries they trade. Several studies attempt to
examine this source, yet the results are mixed—Some earn negative returns, others

positive returns. so, it is important to understand whether familiarity with an industry is
related to skill.

we examine trades made by industry insiders.
In this setting, top corporate executives serve as retail traders.




Process

data come from two matched data sets. The first :the trading records of 78,000 individual
investors at a large discount broker (henceforth, the LDB data set) from January 1991 to
November 1996. The second :the activity of all industry insiders, who are required by
law to report their trading activity in their own firm.

1.examining the trade composition of insiders. show that insiders actually trade more in
own-industry stocks relative to non-own-industry stocks.

2. test whether insiders exhibit skill with respect to their stock buy-and-sell decisions.—
—insiders exhibit skill only in their own-industry trades.——insider outperformance in
own-industry stocks does not merely stem from an ability to time industry returns. Rather,
insiders exhibit within-industry stock-picking ability.

3. examine the source of superior performance of industry insiders in expertise stocks.
——the industry insiders outperform due to an information advantage. In particular,
superior performance of the insiders is concentrated in obscure stocks: small stocks,
stocks with low analyst coverage, and those with high idiosyncratic risk.



Second, determine whether industry insiders trade ahead of specific news events,i.e.
earnings announcements.——no evidence of that correlation about trading performance
around traded firms’ earnings announcements.

Third, test for a correlation between trading activity of industry insiders and their own
earnings announcements. —— find no association between the returns of their earnings
announcement and the propensity to trade another firm in the industry.

Fourth, examine whether insiders trade ahead of M&A announcements. —— find no
evidence that insiders trade ahead of M&A activity in other firms.




Conclusion

1.insiders trade firms from their own industry more frequently;

2.they earn abnormal returns exclusively when trading own-industry stocks, especially
obscure stocks (small, low analyst coverage, high volatility);

3.no evidence of the use of private information;

4.industry familiarity is an advantage in stock trading.




4. Preference for dividends and return comovement

Allaudeen Hameeda, Jing Xie




background

Barberis and Shleifer (2003) and Barberis et al. (2005) present models where investors
allocate capital at the level of asset categories rather than individual stocks. Their
studies show that as investor capital flows in and out of specific categories, category
investing of shareholder generate comovement in stock returns.

However, recent work in Chen et al. (2016) cast doubt on excess comovement
stemming from index additions (Barberis et al., 2005) or stock splits (Green & Hwang,
2009), arguing that the changes in these comovement patterns are driven by prior stock
return performance.

In this paper, we provide fresh evidence of return comovement driven by investor
preference for dividends.




Using dividend initiations by firms trading on NYSE/Amex and Nasdaq over the 1981 to
2012 period, All accounting data are obtained from Compustat.

Each year, we identify dividend initiators as firms that pay dividends in the current year,
but not in the previous years.

For each dividend initiator, we create a matched sample of control firms with
similar propensity to pay dividends, but that do not experience a change in dividend

policy

For each firm i that initiates dividends in year t, we examine the comovement of stock i's
daily returns on two benchmark portfolios.

The first portfolio consists of stocks that pay regular dividends in the four years leading
to year t (i.e., those that pay dividends from year t-3 to t), denoting the (equal-weighted)
portfolio return on day d as MKTb,d.

The second portfolio consists of stocks that did not distribute any dividends in the four
years prior to t (i.e., zero dividends from year t-3 to t), with the corresponding daily
(equal-weighted) portfolio return denoted as MKTnD,qd.




HEtr'.d = l’:I!'r' a ,Br' * MKTDREL.:I + }’r‘ * MKTNDRE&.:I + E E Xd -+ Er'.di

where Ret i, qis the return on dividend initiator i on day d; MKTores,d (MKTnores,d ) refer
to residuals of benchmark portfolio returns when regressed on the
Fama—French—Carhart four factor model. X refers to a vector of the same four risk
factors.




1.Baseline results:
compare the changes in return comovement of the dividend initiators with the control

firms drawn from non-dividend payers.
——obtain an increase in the comovement of dividend initiators with other dividend-

paying stocks and a decrease in comovement with non-dividend paying stocks.

2.Dividend initiations and return comovement: 2003 tax cut evidence

The Jobs and Growth Tax Relief Reconciliation Act

the 2003 Tax Cut reduces the tax disadvantage of dividends for the taxable investors.
——strongly supports the notion of dividend clientele-induced return comovement.

3.Cash and stock classes of Citizens Utilities/a 1 S5 )V: a natural experiment
CU has two classes of common stock that are identical: One class of shares
received stock dividends and the other class received cash dividends.
—the cash dividend share class of Citizens Ultilities




5. Acquirer reference prices and acquisition performance

Qingzhong Ma, David A. Whidbee, Wei Zhang




background

Several studies find that a stock price’s proximity to past peak prices affects investor
behavior. Baker et al. (2012) find strong evidence that premia paid to publicly traded
targets are significantly affected by the 52-week high prices of the targets, suggesting
that reference prices play an important role in perceived valuation levels of targets in
acquisitions.

this paper investigate whether 52-week high prices play a role in the perceived valuation
levels of acquirers at the M&A announcements.




process

sample : acquisitions is drawn from the Securities Data Corporation (SDC). The deals
are announced during the 1981-2014 period; the acquirers are publicly traded U.S. firms
and have stock price data from CRSP and accounting data from Compustat. The final
sample includes a total of 19,119 transactions.

the acquirer’s cumulative abnormal return (CAR)
the acquirer’s reference price ratio (RPR)

1.separate sample into acquisitions of publicly traded targets and private (private or
subsidiary) targets and then sort each sample into two equal groups (by year) based
on RPR.

The Low (High) RPR group includes acquisitions with acquirers’ RPR below (above)
the sample median.

——Ilow RPR acquirers earn a higher CAR than high RPR acquirers .




2.Multiple regressions

presents four ordinary least squares (OLS) regressions examining the impact of acquirer
RPR on acquirer CAR. All regressions control for Fama and French (1997) industry and
year fixed effects

——the reference price effect is stronger among private deals, ——reference prices
having a greater influence when there is less information available

Further, RPRs based on 39-, 26-, and 13-week highs yield similar.

3. The role of uncertainty

consider four proxies for information uncertainty: the volatility of acquirer stock returns,
the number of analysts following the acquirer, the relative size of the acquisition, and

non-cash methods of payment.

——The acquirer reference price effect is stronger in acquisitions of private targets,
deals involving greater uncertainty




4. The role of investor sophistication

examine whether less sophisticated investors are more likely to be influenced by the
acquirer’'s 52-week high price when estimating the valuation implications of an
acquisition. Generally, empirical evidence suggests that institutional investors tend to be
more sophisticated.

——a strong reference price effect for acquirers with average individual investor
ownership

5. Long-run acquirer returns

examine the abnormal returns surrounding the earnings announcements over the
subsequent one-year period

——their reactions to acquisition announcements are influenced by the 52-week highs in
the short-term, but the influence is eventually corrected in the long-term.




Conclusion

This reference price effect is stronger in acquisitions of private targets, deals involving

greater uncertainty, and acquirers with greater individual investor ownership, and it is
reversed in the subsequent year.

Further, acquirer reference prices affect bid premia and target announcement-period
returns.

investors irrationally using 52-week high prices as a measure of acquirer valuation.




6.Indexing and stock market serial dependence around the
world

Guido Baltussen, Sjoerd van Bekkum , Zhi Da




background

Since the 1980s, many studies have examined the martingale property of asset prices
and shown positive serial dependence in stock index returns.

In this paper, we provide novel evidence that serial dependence in index returns has
turned significantly negative more recently across a broad sample of 20 major market
indexes covering 15 countries in North America, Europe, and the Asia-Pacific.
first-order autocorrelation from index returns at the daily frequency [“daily AR(1)]
multi-period autocorrelation in index returns with g equal to five [‘index MAC(5)’].

Ten—year average i nde x daily AH{H)
Ten-year average index wee (1)
0.3 - — Ten—year average index MAC

0.2 —
0.1 —

-0.1 —

Index-level serial dependence

== 1 I | I I I | I 1 I 1 I

1951 1960 1970 1980 1990 2000 2010




Data: the world’s largest, best traded, and most important stock indexes in developed
markets around the world, as well as for their corresponding futures and ETFs (JJiX

AIEHFE )

1.using AR(1) coefficients to proxy for serial dependence.

2. multiperiod autocorrelation (with linearly or exponentially declining weights¥is £ A
#) as a more comprehensive way to measure serial dependence.

3.We present evidence that the large negative changes in index serial dependence are
associated with the increased popularity of index products. Index MAC(5) is positive up
to the introduction of the futures and becomes significantly negative thereafter.




7 .Probability of price crashes, rational speculative bubbles, and the cross-
section of stock returns

Jeewon Jang, Jangkoo Kang




background

To explain a variety of anomalies in association with overpricing, two central questions
arise: what drives stocks in the short-leg portfolios to be overpriced ; why their
abnormally low returns are not arbitraged awayi% 3 K 9 F 11 1 2%

our paper constructs an ex ante measure of potential overpricing for individual stocks
and investigates the cross-sectional relation between our measure of overpricing and
future stock returns.




Data: the monthly and daily stock files from the Center for Research in Security Prices
(CRSP) database over the period January 1926 through December 2015.

Definition of price crashes: the event that a stock price bubble bursts. In other words,
the event of log returns less than —70% over the next 12 months.

Prediction of price crashes with a generalized logit model: employ a generalized logit
model to estimate crash probability.




probabilities of crashes over the next 12 months with the following distribution:

Pr; (Yf,t,r+12 =51 )
_ exp(a_1 + B-1Xi;)
1+ exp(a_q + B_1Xit) + exp(aq + BiXit)’

Pr; (Yf.t,HlZ = 1)

_ exp(o + ,lef,t)
14+ exp(a_q1 + B_1Xi;) +exp(ag + B1Xir)'

where Yitt+12 equals —1 if firm i's log return during months t+ 1 to t + 12 is less than
—-70%, 1 if the same return is greater than 70%, and zero otherwise. Xitdenotes a
vector of explanatory variables known at the end of month t. Eq. indicates that an
increase in the value of "«_1 + B_1X;+ or a1 + B1X;,+ predicts a higher probability of
a crash or jackpot, respectively.

explanatory variables: Past market return (RM12), past individual return in excess of
the market return (EXRET12), total volatility (TVOL), total skewness (TSKEW), firm size
(SIZE), detrended turnover (DTURN), firm age (AGE), tangible assets (TANG), and
sales growth




Conclusion

stocks with a high probability of crashes earn abnormally low returns;

Stocks with high crash probability are overpriced regardless of the level of institutional
ownership or variations in investor sentiment;

institutional investors who overweight high crash probability stocks outperform the others,
indicating that they have skill in timing bubbles and crashes of individual stocks;

sophisticated investors may not always trade against mispricing but time the correction
of overpricing.




8.Variance risk in aggregate stock returns and time-varying
return predictability

Sungjune Pyun




background

Whether market returns are predictable using public information.

Although studies show that a number of variables can forecast future market returns,
several problems have also been observed.

First, predictive relationships appear to change over time, with some variables being
successful in certain periods (Fama and French, 1988a) or at specific periods of the
business cycle (Dangl and Halling, 2012).

Second, predictors that perform well in sample often fail out of sample (Goyal and Welch,
2008; Campbell and Thompson, 2008).

Lastly, return predictions typically perform poorly at shorter horizons (Fama and French,
1988a).




This paper proposes a new out-of-sample approach to monthly return predictions using
the VRP. VRP is the price of variance risk and is commonly interpreted as a proxy of
time-varying aggregate risk aversion.

Ry = ;Bu,ﬂ -+ ,Bu(RVr — Ei—1[RV:]) + €0

4 21
Rlillll'1'—Ff:"]'EI'i''1]|:!f';'k'li""'lr1:'—|-i:]wZﬁlil"rr—j-|-|5'4'r|'i Zwr—j+er+k-
AT, =0

use a variation of Corsi’'s model (2009) and forecast the RV. The market variance of
day 1+ k, for any k =21 can be forecasted on day T.




data :The high-frequency intraday trading data for the S&P 500 Index are obtained
from Tickdata42€ I 2= 5.

This new methodology is potentially superior for several reasons.

First, the regression of returns on variance innovations has a much higher R2 compared tc
that of the traditional predictive regressions. A higher R2 implies that the coefficients used
for the out-of sample predictions are estimated more accurately.

Second, the new approach predicts one-month market returns. the traditional approach is
unable to produce accurate forecasts of one-month returns.




9. Are lemons sold first? Dynamic signaling in the mortgage Market

Manuel Adelino, Kristopher Gerardi , Barney Hartman-Glaser




background

One of the most widely studied market settings in economics is that of a seller with
private information about the quality of an asset facing less-informed buyers.
In this kind of setting with adverse selection, sellers can take actions to reveal their
private information.

This notion of signaling has been successfully applied in theoretical models of financial
markets to explain a variety of phenomena. But there is little empirical evidence that
agents actually engage in these activities to signal. The fundamental challenge is to
observe agents’ private information. We address this challenge by using unique features
of the US mortgage market.




The Model

The model consists of a mortgage originator and a competitive market of mortgage
investors.

This mortgage produces a cash flow of ¢ dollars per unit of time until it defaults at
some random time t

The default time T is an exponential random variable with parameter A distributed on
the compact interval [A,, A;] according to the continuous density f(A).

A : annualized expected default rate for the mortgage; the seller’s type
y: seller discounts cash flows at rate
r<y: the investors discount cash flows at rate




the lowest possible value of a mortgage to investors is

T N

= C
=E[f e T (s < T)cds|A ]= :
Ph t (s < T)cds|Ay — oy
while the highest possible value is
e C
-=E[f e~ "D (s < T)cds l]: :
P: t (s = T)cds|A A

thus, P(t) € [pp, pel.

the seller of an outcome of the game is then given by

t
U(A, t, p) = E[f e VSK(s < T)cds + e V(L < I)p‘li|
0

c
=5 (1= ) pg-(rtdlip,

fixing a price p, it is less costly for better (lower default risk) sellers to delay trade. and
thus, a trade delay can act as a signal of quality




1.The expected default rate of the mortgage decreases with time to sale.

2. The price of the mortgage increases with time to sale.

3. The maximum time to sale for a mortgage is increasing in the difference in default risk
between the safest and riskiest mortgage. This means that when the uncertainty about
mortgage default risk is greater, leads to longer trade delays.




10.The present value relation over six centuries: The case of the
Bazacle company

David le Bris, William N. Goetzmann, Sébastien Pouget




background

The present value relation is fundamental to economics and finance.

Testing the present value relation for financial securities has presented some challenges
because of the role played by expectations and time-varying correction for risk.

In this paper, we use long-lived company as a laboratory to test the present value
relation. This company, the Honor del Bazacle, was created in Toulouse, France, in 1372
to operate watermills7K Z¢.

examines whether expected future dividends are accurately reflected in share prices and
the nature of the risk that was priced by investors.




The data extend from the firm’s foundation in 1372 to its nationalization in 1946.

Our data set for key reasons.

First, it extends over a long period of time without major technological or governance
changes.

Second, the long time period includes rare economic disasters of great magnitude.

Third, the real dividends and stock prices of the Bazacle company are stationary.
Stationarity allows us to explicitly study the link between the absolute level of stock
prices and the absolute level of expected dividends.

the actual stock price and the present value of the subsequent realized dividends
discounted at a fixed rate of 5%.




The Model

- e

P = E¢[M;,1(Dtiq1 +Pryq1)]. My is the stochastic discount factor (1)

Diy1 =a + BD: + '.VEP + Etﬂ+1v
with E¢(e? ) = 0.

1
Mt—i—l = 1_-!-]'(] + E?—T—l)'

Define the risk correction as m; = —Covt(eﬂl, E;':’H). We
assume that

e = 0 — E(7;) = 071 + €], (4)

Pricing conjecture:

P, = a+ bD; + ce? — d7t;.




plug the pricing conjecture taken at date t + 1 into Eq. (1) to obtain

H = ]EI [MH-I (H + (b + ])Dr.ﬂ + CEP+1 - dﬁt+1)].

Rearranging vyields:

a+ (b+1)a—-(b+c+1)E(m;) (b+1)B

e D
141 141
b (b+c+d3+1)ﬁ
{ 1 tF

P =

t

" (b-;—l)yE
1+r

r-

Parameters a, 3, y, a,b,c clearly are directly identified.

—— persistent dividends and a time-varying risk correction is not rejected by the data.




11.Dynamic corporate liquidity

Boris Nikolov, Lukas Schmid, Roberto Steri




background

corporate cash-to-asset ratios in the US more than doubled since 1980. Apart from
holding cash, however, firms can draw on credit lines to cover liquidity needs. While a
literature has emerged examining either cash holdings or credit line usage, there is little
work connecting the two and identifying the mechanisms that shape their distinct role in
firms’ liquidity management

In this paper, we develop a dynamic model of corporate liquidity management by means
of cash and credit lines.




After-tax operating profits:

7 (Kie, zig) = (1 — T)(Ziek — ),

where 0 < 1< 1 denotes the corporate tax rate, 0 < a< 1 is the capital share in
production, and f > 0 is a fixed cost. The variable z it reflects shocks to demand,

input prices, or productivity and follows a stochastic process with bounded
support Z = [2,Z]

II{1't+1 = IIfr‘t“ = 3) -+ ift'

investment i;; .* 0<48 <1 is the depreciation rate of capital.
the net worth of firm:

Wir = 10 (kir, Zie ) + (1 — 6(1 — 1) )kt
H14+r(l—1)—9Y)C;
—(14+1(1 =)l — (1 +71(1 = ) + &) (Zir).




Cir = Wi + ‘ri’t+1 = Et[f-{'} (zftl'ﬂ )]
—Cirg1 — k:’t:—1 T "I"'[kita II‘fr't+1:'-

e ; < 0 as a seasoned equity offering

Equity issuance costs are given by (A|ej|)1e, -0

The indicator function denotes that the firm faces these costs only in the region
where the net payout is negative. Accordingly, distributions to shareholders d it :

dir = € — (Alei ) 1e, —0)-




wit @S a convenient state variable
Wi + E [C:} (Zit 41 }] + ligp1 = @i + Kigq
+ W (Kie. Kig 1) + Ciega,
Wit +1(Zies1) = 70 (Kig 1, Zigg1) + Kiga (1 = 0)
— (1 +1(1 = 1))t 1
+ (1 4+1(1 —7)— Y)Ciraq + Tk
— (411 —7)+ &)1 (Zit-1),

firms’ equity value

V (W, K, Zjt )

max {d,-f +

FE"Iih—J jll-g—l ~dj}+1 [E[:H 1}-E[HI

»l_|_rEt[V{Wit+1~kit+1~zft+1)]}-




formally estimate the parameters of our model by means of a simulation-based estimator,
namely the SMM.

data from the Compustat annual files and credit line data from Capital 1Q.

then estimate nine parameters using the simulated method of moments.

Result:

our estimated model rationalizes well the levels and joint dynamics of cash, credit lines,
leverage, equity financing, and investment, when firms can collateralize roughly one-
third of their assets.

Our model thus highlights the importance of collateral as a determinant of corporate
liquidity management.

modeling credit lines as contingent liquidity provides novel empirical predictions and
rationalizes several stylized facts regarding credit line usage, covenant& [ violations,
and cash holdings{5 S EEAE NECE sl 22 E, $24t 7R pscuEmll, &84 7 A
FABVIEAE . & RIEL MG 1) LA JL Y s




